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EFFECTIVE USE OF LABOR RESOURCES IN AGRICULTURE IN
KAZAKHSTAN IN THE CONTEXT OF DIGITAL TRANSFORMATION

Abstract

The study addresses the problem of low labor productivity in Kazakhstan's agricultural sector under conditions of
digital transformation and structural changes in the economy. Agriculture remains an important component of
national economic development and food security; however, the sector continues to face persistent challenges
associated with technological constraints, workforce aging, labor outflow from rural areas, and insufficient
investment activity. The purpose of this study is to assess the dynamics and efficiency of labor resource utilization
in Kazakhstan's agriculture during 2018-2024 and identify the main factors limiting productivity growth. The
methodological framework includes statistical, comparative, structural, and econometric analysis using official
national statistical data and analytical materials. The results reveal a reduction in agricultural employment,
structural changes in workforce composition, low wage competitiveness, and substantial productivity gaps
compared with high-performing sectors of the economy. The econometric assessment confirms statistically
significant relationships between labor productivity, gross output, and wage levels, indicating that productivity
growth remains predominantly driven by extensive and scale-related factors. The scientific novelty of the
study lies in the development and empirical testing of an econometric model that quantifies the influence of
agricultural output and wage levels on labor productivity in Kazakhstan's agricultural sector under conditions of
digital transformation. Unlike previous studies, the proposed approach provides an assessment of productivity
elasticities with respect to key economic factors and identifies the predominance of extensive growth drivers.
The authors’ contribution consists in integrating structural labor market analysis with econometric modeling of
productivity determinants for the period 2018-2024 and developing evidence-based recommendations aimed
at improving labor efficiency and strengthening the long-term competitiveness of Kazakhstan's agricultural
sector.

Keywords: agriculture; labor resources; labor productivity; digital transformation; employment; technological
modernization; human capital

INTRODUCTION

Agriculture in Kazakhstan represents a strategically important sector of the national economy, ensuring food
security, employment, and sustainable rural development. For a significant proportion of the rural population,
agricultural activity remains a primary source of income and an important factor supporting socio-economic
stability. Therefore, improving the efficiency and competitiveness of the agricultural sector remains one of the key
priorities of national development policy.

Agriculture currently faces climate, technological, and labor market challenges. At the same time, digitalization
creates opportunities for improving productivity through artificial intelligence, precision farming, and digital
monitoring systems (Padhiary et al.,, 2024; Raj, 2025; Choruma et al.,, 2024; Manman, 2025).

Despite the growing body of research on digital transformation and labor productivity in agriculture,
several important research gaps remain. Existing international studies primarily focus on the adoption of
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digital technologies, automation, artificial intelligence, and smart farming systems, emphasizing their effects on
production efficiency and labor transformation (Padhiary et al., 2024; Raj, 2025; Choruma et al., 2024; Manman,
2025). At the same time, considerably less attention has been paid to the combined influence of labor resources,
wage incentives, and productivity dynamics in agricultural sectors of transition economies, where institutional and
structural constraints significantly affect technological adaptation (Daum, 2025; Berdegué et al., 2025).

In Kazakhstan, previous studies mainly examine agricultural productivity, employment trends, labor resource
utilization, and general issues of agricultural modernization from a descriptive or macroeconomic perspective
(Tinkai et al., 2024; Government of the Republic of Kazakhstan, 2021; Halyk Finance Analytical Center, 2025).
However, there is still a lack of comprehensive empirical research that simultaneously evaluates structural changes
in agricultural employment, labor productivity dynamics, and the impact of key economic factors under conditions
of digital transformation. Existing studies pay insufficient attention to the effects of workforce aging, labor
shortages, migration from rural areas, and the mismatch between workforce qualifications and the requirements
of digital agriculture (Tinkai et al., 2024; Halyk Finance Analytical Center, 2025). In addition, limited research has
been devoted to assessing how wage incentives and production expansion influence labor productivity in the
agricultural sector. Furthermore, econometric evidence on the determinants of labor productivity in Kazakhstan's
agriculture remains scarce, while quantitative assessments of the relationships between labor productivity,
agricultural output, and wage levels are largely absent. The influence of digital transformation on labor efficiency
and workforce utilization has also not been sufficiently investigated within the context of Kazakhstan's agricultural
development (Government of the Republic of Kazakhstan, 2021; World Bank, 2026).

Thus, the key research gap lies in the absence of an integrated analytical approach that combines labor market
analysis with econometric assessment of productivity determinants in the context of agricultural digitalization.
Unlike existing studies, the present research not only examines the dynamics of labor resource utilization in
Kazakhstan's agriculture during 2018-2024 but also develops and tests an econometric model that quantifies the
effects of agricultural output and wages on labor productivity. This approach makes it possible to identify the
relative contribution of production and labor-related factors to productivity growth and provides new empirical
evidence for improving labor efficiency and agricultural development policies.

LITERATURE REVIEW

Recent studies indicate that digital transformation significantly affects agricultural productivity and labor
organization. Technologies such as artificial intelligence, robotics, precision agriculture, and digital platforms
improve operational efficiency, optimize resource utilization, and contribute to productivity growth (Padhiary et
al., 2024; Raj, 2025; Choruma et al., 2024; Manman, 2025). From this perspective, digitalization is considered one
of the key drivers of sustainable agricultural development and competitiveness.

However, the literature presents differing views on the impact of digital technologies on labor productivity.
Some studies argue that automation and smart farming technologies improve production efficiency and reduce
labor costs by replacing routine operations (Padhiary et al., 2024; Raj, 2025). Others emphasize that technological
modernization does not automatically increase productivity and may even widen inequalities between agricultural
producers due to unequal access to finance, infrastructure, and digital competencies (Daum, 2025; Berdegué et
al., 2025). These findings suggest that productivity gains depend not only on technology adoption but also on
investments in human capital and institutional support.

The relationship between digitalization and employment remains equally debated. While some authors
associate automation with labor displacement (Daum, 2025), others argue that digital transformation mainly
changes employment structures by increasing demand for workers with digital and technological skills (Choruma
et al, 2024; Omotayo, 2025). Therefore, the literature provides no consensus on whether digitalization reduces
employment or creates new forms of agricultural work and specialization.

Kazakhstani studies mainly focus on labor resource utilization, employment dynamics, labor shortages,
and productivity trends in agriculture (Tinkai et al., 2024). Existing research confirms the presence of structural
challenges associated with workforce aging, labor migration from rural areas, insufficient attractiveness of
agricultural employment, and low labor productivity. At the same time, empirical studies assessing the impact of
digital transformation on labor efficiency remain limited. Insufficient attention has been paid to the quantitative
assessment of relationships between labor productivity, agricultural output, and wage incentives, as well as to the
econometric evaluation of productivity determinants under conditions of agricultural modernization (Tinkai et al,,
2024; Halyk Finance Analytical Center, 2025).

Therefore, despite substantial progress in understanding the role of digital technologies in agriculture,
several unresolved issues remain. Existing international studies provide mixed evidence regarding the effects of
digitalization on productivity and employment, while Kazakhstani research remains largely descriptive and lacks
comprehensive econometric assessments. This creates the need for further investigation of labor productivity
determinants and labor resource efficiency in Kazakhstan's agricultural sector under conditions of digital
transformation.
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METHODOLOGY AND METHODS

The study applies a combination of quantitative and qualitative research methods to examine the efficiency
of labor resource utilization in Kazakhstan’s agricultural sector under conditions of digital transformation.

Content analysis — a review of scientific publications, regulatory acts, strategic development documents, and
analytical reports, including the Concept for the Development of the Agro-Industrial Complex of the Republic
of Kazakhstan for 2021-2030 and policy documents defining priorities for agricultural modernization and digital
transformation (Government of the Republic of Kazakhstan, 2021).

Statistical analysis — processing and analysis of official data from the Bureau of National Statistics of the
Republic of Kazakhstan, the Ministry of Agriculture, and analytical reports covering employment dynamics, labor
productivity, wages, agricultural output, and labor market indicators (Bureau of National Statistics, 2025; Halyk
Finance Analytical Center, 2025).

Comparative and structural analysis — used to identify structural changes in agricultural employment,
workforce composition, labor efficiency indicators, and sectoral trends during 2018-2024.

Correlation and regression analysis — applied to evaluate the relationships between labor productivity and
selected economic factors and to quantify their impact through econometric modeling.

The empirical database consists of official annual statistical data for the period 2018-2024 obtained from the
Bureau of National Statistics of the Republic of Kazakhstan, sectoral reports, government development programs,
and analytical publications (Bureau of National Statistics, 2025; Government of the Republic of Kazakhstan, 2021).

To assess the determinants of labor productivity, an econometric model was developed using the Ordinary

Least Squares (OLS) method. Labor productivity (output per employed person) was selected as the dependent
variable because it represents the key indicator of labor resource efficiency in agriculture. Gross agricultural
output was included as an explanatory variable reflecting the scale of production activity, while the average
monthly wage was used as an indicator of labor incentives and workforce quality. The selection of these variables
is supported by previous studies emphasizing the importance of production scale, labor remuneration, and
human capital for productivity growth (Daum, 2025; Berdegué et al., 2025; Tinkai et al., 2024).

RESULTS

The efficient utilization of labor resources contributes to productivity growth, improves competitiveness,
reduces production costs, and strengthens the financial sustainability of agricultural enterprises. In the agricultural
sector, labor efficiency plays a critical role in ensuring sustainable development, improving resource allocation,
and increasing the effectiveness of technological and organizational innovations. Under conditions of digital
transformation, the rational use of labor resources becomes increasingly important for strengthening the resilience
and long-term competitiveness of the agro-industrial sector.

The analysis of employment indicators allows the identification of key structural changes in Kazakhstan's
agricultural labor market and the assessment of labor resource utilization efficiency. Table 1 presents the main
indicators of the number of people employed in agriculture in the Republic of Kazakhstan.

Table 1. Population employed in agriculture in the Republic of Kazakhstan for 2018-2024

Deviation of 2024
Name 2018 2019 2020 2021 2022 2023 2024 relative to, %
2020 2023
Labor force in Kazakhstan, 9,1386 9,2215 91808 92568 94298 9,534.1 9,664.0 5.3 14
thousand people
Employed population in 11,0279  1,1847 1,175.1 1,1764 1,1089 1,0754 1,0279 -125 -44
agriculture in Kazakhstan,
thousand people
Share of employed popu- 14.1 13.5 13.5 134 124 11.3 11.2 -17.0 -09
lation in agriculture, %
Including by age group, years
15 03 03 0.6 0.2 0.5 0.6 0.2 -66.7 -66.7
16-24 147.6 144.4 144.5 141.8 113.4 125.1 108.9 -24.6 -12.9
25-54 841.0 804.1 784.3 775.5 753.5 710.5 690.2 -12.0 -29
55-64 201.3 199.1 202.5 207.5 191.9 185.3 184.2 -9.0 -0.6
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65 and older 38.1 36.8 432 513 495 539 444 +28 -17.6

By employment status

Employees 434.6 4584 493.1 507.4 480.1 492.0 3835 -22.2 -22.1
Share of hired workers in 354 38.7 420 431 433 458 338 -195 -26.2
agriculture, %

Self-employed workers 793.6 726.3 682.0 669.0 628.8 5834 547.9 -19.7 -6.1
Share of self-employed 64.6 61.3 580 56.9 56.7 542 53.0 -86 -2.2
workers in agriculture, %

Unemployment rate, % 49 48 49 49 49 47 46 -6.1 -6.1

Note: Compiled by the authors based on data from the Bureau of National Statistics of Kazakhstan (2024)

Employment in agriculture declined from 1.23 million to 1.03 million people, while the share of agricultural
employment decreased from 14.1% to 11.2%. The reduction in youth employment and the growing share of older
workers indicate workforce aging and declining attractiveness of agricultural occupations.

The structure of the agricultural workforce is shown in Figure 1.

Figure 1. Structure of agricultural employment in Kazakhstan, 2018-2024 (%)
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Note: Compiled by the authors based on data from the Bureau of National Statistics of Kazakhstan (2025)

According to Figure 1, self-employed workers continued to dominate agricultural employment; however,
their share declined from 64.6% in 2018 to 53.0% in 2024, while the share of hired workers increased to 45.8% by
2023 before falling to 33.8% in 2024. These changes reflect a gradual shift toward formal employment alongside
instability in labor demand and structural adjustments within agricultural enterprises.

Demographic trends reveal persistent labor market challenges. The number of workers aged 16-24 declined
by 26.2%, while employment among those aged over 65 increased by 16.5%, indicating workforce aging and
declining attractiveness of agricultural occupations for younger generations. In addition, the sector faces a
shortage of approximately 3,500 qualified specialists, limiting the effective adoption of digital technologies and
modern production systems.

Agriculture plays a strategic role in Kazakhstan's economy, ensuring food security, employment, and a raw
material base for related industries. However, an analysis of the indicators (Table 2) shows mixed trends in the
dynamics of labor resource efficiency.
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Table 2. Efficiency of labor resource utilization in agricultural organizations
of the Republic of Kazakhstan

Deviation of

2024 relative
Name 2018 2019 2020 2021 2022 2023 2024 to, %

2020 2023

Gross output of 4474, 5.151,2 6.334,7 75154 9.481,2 8.732,1 83636 3203 -422
agricultural  products

(services) at current

prices, billion tenge

Average number of 772 724 721 70.6 68.2 664 64.3 -10.82 -3.16
employees during

the reporting period,

thousand people.

Total number of 130,995.4 122,320.3 122,7539 122,552.6 122,558.3 122,550.0 115,1004 -6.23 -6.08
thousand  man-hours
worked, total

Total labor costs, billion  87.595 102,766  109.560  127.539 158570  168.501 215363 96.57  27.81
tenge

Total wage fund, billion  80.762 89.158  101.150  115.888  143.155 142511 183.615 8153 28.84
tenge

Output, thousand 57,954.7 71,1492 87,8599 106,407.9 139,020.5 131,507.5 130,070.0 48.04 -1.09
tenge/person.

Output,  tenge/man-  0.0342 0.0421 0.0516 0.0613 0.0774 0.0713 0.07266 1.91 1.91
hour

Employee productivity, = 57.95 71.15 87.86 106.45 139.02 131.51 130.07 4804 -1.09
tenge
Salary return, tenge 51.08 50.13 57.82 58.93 59.79 51.82 38.83 -32.84 -25.07

Note: Compiled by the authors based on data from the Bureau of National Statistics of Kazakhstan (2025)

According to Table 2, Kazakhstan's agricultural sector in 2018-2024 experienced rising output but declining
labor efficiency. Gross output increased from 4,474.1 to 8,363.6 billion tenge, although it decreased by 4.22%
compared to 2023. The number of employees fell by 16.8%, while labor costs grew by 81.53%.

Labor productivity increased by 48.03% during 2020-2024, reaching 130,070 tenge per employee, and output
per man-hour rose by 1.91%. However, wage returns declined by 32.84% (from 57.82 to 38.83 tenge), indicating
inefficient use of growing labor expenditures and the need for technological modernization of the sector.

Currently, the average monthly wage in the agricultural sector is less than two-thirds of the national average
(Figure 2).
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Figure 2. Average monthly wages in agriculture for 2018-2024 (tenge)
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Note: Compiled by the authors based on sources (Bureau of National Statistics, 2025)

According to Figure 2, average monthly wages in Kazakhstan increased steadily during 2018-2024; however,
agricultural incomes remained consistently below the national average. Average wages across the economy rose
from 162,673 to 405,416 tenge, while agricultural wages increased from 97,929 to 263,517 tenge. Despite this
growth, the wage gap remained substantial, with agricultural earnings accounting for only 65% of the national
average in 2024, indicating the sector’s relatively low income competitiveness.

The persistent wage gap reduces the attractiveness of agricultural employment, contributes to labor outflow
from rural areas, and limits the sector’s ability to attract qualified personnel required for technological modernization
and digital transformation. Similar trends, including declining wage competitiveness and employment risks, have
been identified in recent assessments of Kazakhstan's labor market (Halyk Finance Analytical Center, 2025).
Between 2018 and 2023, agricultural employment declined by 12.5%, reflecting both production constraints and
the shift of part of the population to subsistence farming. Addressing these challenges requires stimulating quality
employment, supporting farms and cooperation, expanding the adoption of modern agricultural technologies,
and strengthening vocational training systems (Tinkai et al., 2024).

In recent years, Kazakhstan has expanded digital and skills-oriented employment support mechanisms. The
Enbek ecosystem integrates employment services, vocational training, entrepreneurship support, and online labor
market platforms, contributing to workforce development and labor mobility, particularly among young people
and rural residents (Enbek.kz, 2026).

Although government programs prioritize technological modernization, digitalization, and productivity
growth, implementation gaps continue to limit their effectiveness. Therefore, improving policy continuity and
monitoring mechanisms remains essential for sustainable agricultural development (Government of the Republic
of Kazakhstan, 2021).According to Table 3, despite the multiple growth in the total value of agricultural output,
the physical volume index remained relatively unstable and demonstrated only moderate annual growth rates.

Table 3. Indicators of gross agricultural output and labor productivity in Kazakhstan

Years Gross agricultural Physical volume Including Share of Labor productivity,
output, index, % compared B agriculture thousand tenge
million tenge to the previous year Plant Animal in GDP, %
growing husbandry
2015 3307010 103,4 104,0 102,7 4,7 1242
2016 3684 393 105,4 107,5 102,8 4,6 1402
2017 4070917 103,0 102,2 103,9 45 1736
2018 4474088 103,5 103,2 103,9 44 2077
2019 5151163 999 96,4 104,0 45 2466
2020 6 334 669 105,7 107,8 103,1 54 3005
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2021 7515434 97,7 934 103,6 54 3351
2022 8407 512 109,1 1151 100,8 52 4608
2023 7625 151 91,7 859 104,5 40 4378
2024 8363 603,2 113,6 121,1 103,6 50 5074

Note: Calculated by the authors based on Halyk Finance analytical data (2025)

Agricultural performance in 2023 was negatively affected by adverse weather conditions and market
disruptions, resulting in reduced crop yields and lower production volumes. In 2024, the sector demonstrated
partial recovery; however, dependence on climatic conditions remains significant.

Data for 2024 show a recovery in agriculture after the crisis of 2023 caused by unfavorable climatic conditions.
The gross output of the industry amounted to KZT 8,363.6 billion, which is 9.7% higher than in 2023, but remains
below the maximum value of 2022 (KZT 8,407.5 billion). The physical volume index grew by 13.6% thanks to a
21.1% increase in crop production and a 3.6% increase in livestock production. This indicates a partial recovery
from the effects of the drought and the decline in grain and oilseed yields in 2023.

The share of agriculture in GDP remained stable at 5%, which is in line with the long-term trend of the last
ten years (4-5%). Labor productivity in the industry increased to 5,074 thousand tenge, exceeding the 2023 level
(4,378 thousand tenge) by 15.9%. Nevertheless, the gap with high-performance sectors of the economy remains:
productivity in the mining industry is 12.6 times higher.

To deepen the empirical analysis and identify the elasticity effects of key economic factors, an econometric
assessment of labor productivity determinants in Kazakhstan's agricultural sector was conducted.

Labor productivity was defined as output per employed person (thousand tenge) and used as the dependent
variable. Given the non-linear nature of production processes and the need to interpret elasticities, a log-log
specification was applied.

Model specification

The following regression model was estimated for the period 2018-2024 using the Ordinary Least Squares
(OLS) method:

In LPC= o + B4 In QO+ B2 In WO+ €0 @)

where:

LPG- labor productivity in agriculture

QO- gross agricultural output

WD average monthly wage in agriculture

e error term

In this specification, the estimated coefficients directly represent elasticities, showing the percentage change
in labor productivity resulting from a 1% change in the explanatory variable.

To evaluate the magnitude and direction of relationships between labor productivity and the selected
explanatory variables, the estimated regression coefficients were analyzed. The obtained parameters allow
assessment of the sensitivity of labor productivity to changes in agricultural output and wage levels, thereby
providing empirical evidence on the relative contribution of production and income-related factors. The estimation
results are presented in Table 4.

Table 4. Results of log-log regression for labor productivity in agriculture (2018-2024)

Variable Coefficient (elasticity) Std. Error t-statistic p-value
Constant -1.842 0.613 -3.01 0.039
In Gross output (In Qt) 0.62 0.11 5.64 0.005
In Average wage (In Wt) 0.31 0.09 344 0.026

Note: authors’ calculations based on oficial statistical data
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Model statistics:

R? = 0.964;

Adjusted R? = 0.946;

F-statistic = 53.9 (p < 0.01)

The estimated model demonstrates a high explanatory capacity and indicates statistically significant
relationships between labor productivity and the selected explanatory variables. The results suggest that
productivity dynamics in Kazakhstan's agricultural sector are influenced by both production expansion and
income-related factors, although the magnitude of these effects differs substantially.

The elasticity of labor productivity with respect to gross agricultural output is 0.62, which means that a 1%
increase in production volume leads to an average increase in labor productivity of 0.62%. This result indicates the
presence of scale effects; however, the elasticity is less than one, suggesting diminishing returns and confirming
that productivity growth is largely driven by extensive factors rather than technological intensification.

The elasticity of labor productivity with respect to the average wage level equals 0.31, implying that a 1%
increase in wages is associated with only a 0.31% increase in productivity. This confirms the weak transmission
mechanism between income growth and efficiency gains. In other words, wage increases are not sufficiently
supported by improvements in technology, work organization, or skills development.

The high coefficient of determination (R2=0.96R"2 = 0.96R2=0.96) indicates strong explanatory power of
the model, although the results should be interpreted with caution due to the short time series and volatility of
agricultural production caused by climatic and market shocks.

The econometric results indicate that labor productivity growth remains primarily scale-dependent and
driven by output expansion rather than technological intensification. This confirms the need for investment in
digitalization, capital modernization, and human capital development.

DISCUSSION

The obtained results generally support international studies emphasizing the importance of technological
modernization and digital transformation for improving agricultural productivity (Padhiary et al., 2024; Raj, 2025).
Similar to Choruma et al. (2024), the findings suggest that productivity growth increasingly depends on the
adoption of digital technologies and modern management practices. At the same time, the study confirms that
technological advancement alone is insufficient to ensure sustainable productivity growth without adequate
human capital and institutional support, which is consistent with the conclusions of Daum (2025) and Berdegué
et al. (2025).

The econometric analysis shows that labor productivity in Kazakhstan's agriculture is more responsive to
increases in production output than to wage growth. Unlike evidence from technologically advanced agricultural
economies, where productivity is more strongly associated with innovation and workforce skills (Daum, 2025;
Omotayo, 2025), the results indicate that productivity growth in Kazakhstan remains largely driven by extensive
factors rather than technological intensification.

The findings also support concerns raised in international literature regarding unequal access to digital
technologies and innovation resources (Berdegué et al., 2025). Similar patterns are observed in Kazakhstan, where
labor shortages, workforce aging, insufficient investment, and limited access to advanced technologies continue
to constrain productivity growth, particularly among small and medium-sized agricultural enterprises.

Furthermore, the results are consistent with World Bank (2026) assessments highlighting human capital
limitations and uneven technological diffusion as major barriers to productivity growth. The analysis also
identifies structural constraints, including dependence on climatic conditions, fragmented production structures,
and high depreciation of agricultural machinery. These findings reinforce international evidence that the benefits
of digital transformation are greatest when supported by investment, institutional development, and workforce
modernization (Daum, 2025; Berdegué et al., 2025; Omotayo, 2025).

Therefore, strengthening human capital, improving access to financial instruments, expanding digital
infrastructure, increasing technological modernization, and enhancing workforce competencies should be
considered key priorities for long-term agricultural development. The results suggest that sustainable productivity
growth in Kazakhstan's agricultural sector requires not only expansion of production volumes but also a transition
toward a more technology-intensive and knowledge-based development model.

CONCLUSION

The study demonstrates that labor productivity in Kazakhstan’'s agricultural sector is constrained by a
combination of structural, technological, and institutional factors. The empirical results indicate a continuing
decline in agricultural employment, workforce aging, relatively low wage competitiveness, and unequal regional
distribution of labor resources. Despite the partial recovery of production indicators in 2024 following the
agricultural downturn of 2023, the sector continues to exhibit significant inefficiencies and high sensitivity to
external shocks.
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The econometric analysis confirms that labor productivity growth remains predominantly dependent on
production expansion rather than on qualitative improvements in labor efficiency. The stronger elasticity of
productivity with respect to output compared with wage growth suggests limited technological diffusion and
weak transmission mechanisms between labor incentives and productivity gains. These findings indicate that the
existing model of agricultural development relies largely on extensive growth factors.

Long-term improvement of labor productivity requires a transition toward technologically intensive and
knowledge-based development. Priority areas include modernization of agricultural machinery and infrastructure,
wider adoption of digital and intelligent technologies, expansion of financial accessibility for small and medium-
sized agricultural enterprises, and stronger interaction between education, research institutions, and production
systems. Implementation of these measures may improve labor efficiency, increase resilience of rural economies,
and strengthen the competitiveness and sustainability of Kazakhstan's agro-industrial sector.

The scientific contribution of this study lies in providing one of the first integrated assessments of labor
resource efficiency and labor productivity determinants in Kazakhstan's agricultural sector under conditions of
digital transformation. The proposed econometric framework quantifies the elasticity effects of production and
wage factors, thereby expanding the empirical evidence available for policy design and agricultural labor market
regulation.
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AHHOTauuA

B uccnepoBaHum paccmatpumBaeTcs NpobiemMa HU3KOW NPOU3BOAUTENBHOCTU TPYAa B CENbCKOXO3ANCTBEHHOM
cekTope KasaxcraHa B ycnoBusax LndpoBor TpaHCHOpMaLIMN U CTPYKTYPHbIX M3MEHEHW SKOHOMUKK. Cenbckoe
XO3AMCTBO OCTAETCA BaXKHOM COCTaB/sAOLWEN HaLMOHaNbHOrO SKOHOMUYECKOTO Pa3BUTUA U obecneyeHns npo-
[OBONIbCTBEHHOM 6€30MacHOCTH, OfHAKO CEKTOP MPOJOJIXKAET CTaNKMBaTbCA C YCTOMUMBBIMK Npobaemamu,
CBSI3aHHBIMW C TEXHONOTMYECKUMMW OrpaHUYEHMAMK, CTapeHNeEM paboueli Cuiibl, OTTOKOM TPYZAOBbIX PECYPCOB
M3 CeNbCKOW MECTHOCTU W HefoCTaTOUYHON MHBECTULMOHHOWM aKTMBHOCTLIO. Llenbto nccnegoBaHus ABaseTcs
OLeHKa AVHaMUKN 1 3OEKTUBHOCTM MCMO/Ib30BaHNA TPYAOBbIX PECYPCOB B CENbCKOM X03slicTBe KasaxcTaHa B
nepvog 2018-2024 rr., a Takxke BbIiIBNEHWE OCHOBHbIX GaKTOPOB, OrpaHNUMBaIOLLNX POCT MPON3BOANUTENBHO-
cTM Tpyaa. MeTogonornyeckas OCHOBa MCCAeL0BaHWS BKAKOUYAET CTaTUCTUUECKMY, CPaBHUTENbHBIN, CTPYKTYpP-
HbIA 1 3KOHOMETPUYECKNI aHaNU3 C UCMOJ/Ib30BaHNeM OdULMaNbHbIX HALMOHAbHBIX CTaTUCTUUECKUX AaHHbIX
N aHaUTUYEeCKMX MaTepunanos. Pe3ynbTaTbl UCCAEAO0BaHNA BbIABWIM COKPaLLeHWe 3aHATOCTM B CeIbCKOM XO-
39CTBE, CTPYKTYPHbIE U3MEHEHUS B COCTaBe paboyein Cuibl, HM3KYHD KOHKYPEHTOCNOCOBHOCTL 3apaboTHOM
naatbl ¥ 3HaUWUTENbHBIA Pa3pbiB B NMPOM3BOAUTENBHOCTU MO CPaBHEHUIO C BbICOKOIDDEKTUBHBIMW CeKTopa-
MW 3KOHOMMUKMW. DKOHOMETpUYeckas OLleHKa MOATBEeP>KAAeT CTaTUCTMUYECKN 3HauYMMble B3aMMOCBA3N MeXay
NPOW3BOANTENBHOCTbIO TPYAa, 06 beMOM BaJIOBOM CEbCKOXO3AMCTBEHHON NPOAYKLMN U YPOBHEM 3apaboTHOM
nnatbl, NOKa3blBas, YTO POCT MPOU3BOAMUTENBLHOCTM HOCUT MPEVMYLLLECTBEHHO 3KCTEHCUBHBIA U MacluTabo3aBu-
CYMbIV xapakTep. HayuyHas HOBM3Ha UCCef0BaHUS 3aK/tovaeTcs B pa3paboTke v aMnupuyeckon anpobawmm
3KOHOMETPUYECKOW MOZENN, MO3BO/AOLLEN KOJIMUYECTBEHHO OLEHUTb BAUSIHNE OObeMa CebCKOXO3ANCTBEH -
HOro NPOM3BOACTBA M YPOBHSA ONaaThl TPyAa Ha NPOM3BOAUTENBHOCTb TPyAa B arpapHoM cektope KasaxctaHa
B YCI0BUMSX LMdpoBOn TpaHchopmaumm. B oTamumne ot npeabiayLimx UCCAeA0BaHNA, NPeaNoXeHHbIA NOAXOA
obecneurBaeT OLEHKY 3N1aCTUUYHOCTM NPOU3BOANTENBHOCT TPYAa MO OTHOLLIEHMIO K KAKOYEBbIM 3KOHOMUYE-
CKUM pakTopam 1 NO3BOASET BbIABUTb NpeobnagaHne aKCTEHCUBHBIX GakTOpPOB pocTa. Bknasg aBTopoB cocTouT
B MHTErpaumm CTpyKTYpHOTO aHasiv3a pbiHKa TPyZa C 3KOHOMETPUYECKUM MoaennpoBaHem GakTopoB Npoms-
BOAMTENBHOCTU TPyAa 3a nepuog 2018-2024 rr., a Takxke B pa3paboTke Hay4yHO 0B6OCHOBaHHbIX peKoMeHAaL i,
HanpaB/eHHbIX Ha MOBbIWeHNe 3PHEKTUBHOCTU NCMOAb30OBaHUA TPYAOBbIX PECYPCOB U YKpPenaeHue JOAro-
CPOYHOW KOHKYPEHTOCMOCOHBHOCTM CENbCKOXO3ANCTBEHHOTO cekTopa KasaxcraHa.

KnroueBble cioBa: cesibCkoe XO3AMCTBO; TPYAOBble Pecypchbl; MPON3BOANTENbHOCTb TPYAa; LiMPpoBas TpaHc-
dopMaLms; 3aHATOCTb; TEXHONOrMYeCKas MOAEPHMN3aLMs; YeNoBeYeCckin Kanurtan
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